INTERNATIONAL JOURNAL OF BEHAVIORAL SOCIAL AND MOVEMENT SCIENCES Vol.13 Apr—lJun

Impact of Group Exercise Programs on Social Cohesion
and Individual Motivation
Dr. Anand B. Lunkad
Assistant Professor
Department of Physical Education and Sports
KES Pratibha College of Commerce and

Computer Studies, Pune, Maharashtra, India

Abstract
Group exercise programs have emerged as a key strategy for enhancing both

physical health and social well-being. This study examines the impact of group-
based fitness interventions on social cohesion, motivation, and individual
adherence to exercise routines among adults aged 18-45 years. A total of 400
participants enrolled in various group fitness programs—including yoga,
aerobics, and CrossFit—across three urban fitness centers were evaluated over
12 weeks. Using the Exercise Motivation Inventory (EMI-2) and the Group
Environment Questionnaire (GEQ), data were collected on motivation, group
belonging, and exercise consistency. Results demonstrated that individuals
participating in structured group exercise settings exhibited significantly higher
intrinsic motivation, stronger social bonds, and greater adherence rates
compared to those engaged in solitary workouts. These findings highlight the
psychological and social benefits of collective physical activity, suggesting that
group exercise initiatives can play a critical role in fostering community well-
being and sustained participation in fitness routines.
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Introduction

In the contemporary fitness landscape, the concept of exercising in groups has
gained increasing popularity due to its combined physical and psychosocial
advantages. Beyond improving muscular strength, cardiovascular health, and
flexibility, group exercise fosters a shared sense of belonging that enhances both
social and psychological well-being. Social interactions during exercise sessions
create an environment conducive to teamwork, accountability, and positive
reinforcement.

Motivation is a critical determinant of long-term adherence to physical
activity. According to Self-Determination Theory (SDT), intrinsic motivation—
driven by enjoyment, competence, and relatedness—is fundamental to
sustainable behavior. Group settings amplify intrinsic motivation through peer
encouragement and collective goals. Moreover, they mitigate the sense of
isolation often associated with individual exercise routines, helping participants
overcome motivational plateaus.

This research investigates the link between group exercise participation,
social cohesion, and individual motivation. It aims to provide evidence-based
insights for fitness trainers, public health policymakers, and community
wellness initiatives seeking to promote holistic health outcomes through
collaborative physical engagement.

Methodology

Study Design

A comparative mixed-methods design was employed to assess differences
between group and individual exercisers. The study combined quantitative
measures (motivation and cohesion scores) with qualitative interviews.

Sample Population

. Total Participants: 400 adults

« Age Range: 18-45 years

« Gender Distribution: 210 females, 190 males
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« Duration: 12 weeks

« Locations: Three metropolitan fitness centers in India

Instruments Used

1. Exercise Motivation Inventory-2 (EMI-2): Measures intrinsic and
extrinsic motivational factors.

2. Group Environment Questionnaire (GEQ): Assesses perceptions of social
bonding, group unity, and task cohesion.

3. Attendance Logs: Used to monitor exercise adherence rates.

Procedure

Participants were divided into two groups:

« Group A (Group Exercise): Engaged in instructor-led sessions (aerobics,
dance, yoga, or CrossFit).

« Group B (Individual Exercise): Performed independent gym workouts.

Pre- and post-program surveys were administered, and adherence rates were

recorded weekly. Qualitative interviews explored perceived benefits and

challenges.

Statistical Analysis

Data were analyzed using SPSS v27 for descriptive statistics, correlation

analysis, and paired t-tests. Significance was set at p < 0.05.

Case Study

Case 1: Aerobics Group (Urban Fitness Hub)

The aerobics group, comprising 60 members, demonstrated strong interpersonal

connections and frequent off-session interactions. Participants reported higher

energy levels and motivation, attributing their consistency to the supportive

social environment.

Case 2: Yoga Group (Wellness Studio)

Among yoga practitioners, group meditation and synchronized breathing

improved mindfulness and stress regulation. Their motivation was primarily
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intrinsic, driven by the communal serenity and shared purpose of holistic well-

being.

Case 3: CrossFit Team (Athletic Center)

CrossFit participants exhibited high competitiveness and teamwork. Their

motivation stemmed from shared physical

challenges and collective

achievements, which enhanced both commitment and perceived competence.

Data Analysis

Table 1: Comparison of Motivation Scores (Pre- and Post-Intervention)

Group Type Pre-Test Post-Test % p-
Motivation Motivation Improvement | value
Score Score
Group 68.4+7.2 83.5+6.8 +22.1% <0.001
Exercise
Individual 67.9+6.9 738+7.1 +8.7% <0.05
Exercise

Interpretation:

Improvement in motivation compared to individual exercisers.

Table 2: Social Cohesion and Exercise Adherence Rates

Group participants exhibited a statistically significant

Variable Group Individual Mean p-
Exercise Exercise (n=200) | Difference | value
(n=200)
Social Cohesion 85.6 54 62.8 £ 6.7 +22.8 <0.001
(GEQ)
Exercise 91.2 74.5 +16.7 <0.001
Adherence (%)
Perceived 88.9+4.9 702+7.3 +18.7 <0.001
Enjoyment
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Result: Group settings strongly enhance social belonging and adherence rates.
Questionnaire
Section 1: Demographic Data
1. Age, gender, and academic/professional background
2. Duration of physical activity experience
Section 2: Exercise Behavior
1. Frequency and duration of weekly exercise
2. Preferred workout type (group vs individual)
3. Self-rated enjoyment and satisfaction
Section 3: Motivation Assessment (EMI-2)
1. What drives your participation (health, fun, appearance, socializing)?
2. How often do you feel motivated to attend your sessions?
3. Rate your satisfaction with group interaction (1-5).
Section 4: Social Cohesion (GEQ)
1. How connected do you feel with your exercise group?
2. Do teammates influence your consistency?
3. Does group participation enhance your sense of accomplishment?
Conclusion
This study establishes that group exercise programs significantly enhance both
social cohesion and individual motivation. Participants in collective sessions
demonstrated greater consistency, enjoyment, and psychological well-being
compared to those exercising alone. The findings reinforce that social
interaction serves as a powerful motivator, transforming fitness from an
individual pursuit into a shared community experience.

Health organizations and fitness institutions should integrate structured
group exercise models—such as team-based challenges, social accountability
networks, and communal events—to improve adherence rates and holistic

wellness outcomes. The synergy of physical, social, and emotional engagement
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makes group exercise a sustainable approach for promoting long-term health

behavior change.
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